The debate on whether income inequality promotes, restricts, or is independent of economic growth has been widely studied and discussed in development economics discourse. However, a careful reading of this extensive extant and burgeoning literature suggests that, other than the ambivalent nature and the fact that the bulk of these studies relied heavily on cross-section/-country/panel econometric analysis, empirical studies examining the nexus in the context of less developed economies, particularly, African countries, has received less attention, as most of the extant studies predominantly focused on developed economies. This current study, thus, attempts to examine the impact of inequality on growth in Nigeria spanning between the period 1970 and 2018. It also examined the theoretical predictions of some of the distinct transmission channels through which inequality impacts growth. Time series econometrics were applied. The results obtained consistently revealed that inequality hurts long-run growth in Nigeria. Also, the results obtained revealed that inequality in income increases relative redistribution and fertility, but lessens investment, gross enrollment ratio, and property rights protection in Nigeria, which may in turn impede growth.
Data, Model Specification and Methodology

Sources of Data
The study made use of annual time series secondary data spanning between the period 1970 and 2018 sourced majorly from the publications of Central Bank of Nigeria Statistical Bulletin (2019), World Development Indicators (2019), United Nations Statistics Division National Accounts Main Aggregates Database (2019), Penn World Table  9 .0, the Standardized World Income Inequality Database (SWIID, 2019) , Economic Freedom of the World Index (Fraser Institute's Legal structure and security of property rights index), and United Nations University World Income Inequality Database WIID 3.4 (2019) . The specific source and measurement as well as the description and justification for each variable employed in the study are depicted in Table 2 in Appendix II. In instance, where there are some missing observations, the study, following Ogbeide and Agu (2015) , filled the missing gap using 4-year moving average, a widely accepted method of extrapolation.
Econometric Model
In order to obtain an econometric model used in examining whether income inequality has growth-promoting or growth-dampening impacts in Nigeria, this study draws on the theoretical framework of neoclassical growth model (though augmented by certain improvements and extensions taking into cognizance the objective of the study) and specifies a Cobb-Douglas production function of the form:
where Q , K , L ,  and  are aggregate output, physical capital stock, labour force, technological progress (i.e. total factor productivity) and elasticity of output with respect to capital respectively. Notice that technological progress that enters in this fashion is known as Hicks-neutral. Following the literature (for instance, Bloom, Canning and Malaney, 1999) , suppose the endogenous processes which generate total factor productivity (TFP hereafter) and physical capital accumulation converge to a steady state, this leads us to specify equation (1) 
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where   q g denotes growth rate of income per worker,  q depicts natural log of the steady state of income per worker, q is the natural log of the initial income per worker and  represents the rate of convergence. The empirical implementation of equation (4) suggests that a country's rate of growth is directly proportional to the initial distance from its steady-state income level  q . As such, the poorer a country is with respect to its steady state, the faster such country is expected to grow (Bloom et al, 1999) . By substituting equation (3) into equation (4)
where  is a vector of parameters. By combining equation (4) {i.e. the steady-state equation} with equation (5) {i.e. the adjustment process} and adding a random error  yields the following equation whose parameters can be estimated.
Equations (1) (2) (3) (4) (5) (6) provide the theoretical underpinnings of most recent empirical studies of the sources of economic growth. Since income per capita instead of income per worker is usually used for growth regressions, the relationship between working-age population, total population, and labour force needs to be taken into account. Using the fact that where  q represents income per capita, and N denotes to total population. By combining equations (6) and (9) in order to obtain an expression for income per capita: 
The empirical implementation of equation (12) suggests, thus, that the growth rate of income per capita depends on initial income per worker, growth rates of labour force and population and a set of factors, Z , that determined the steady state level of income respectively. To close the model there is the need for covariates variables in vector Z to be defined. In the theoretical and empirical literature on the analysis of macroeconomic determinants of economic growth, econometric literature points to a number of robust and potential important long-term variables. For simplicity, this study follows Islam (2017) in the selection of the covariates variables included in Z . These variables are the financial deepening, human capital accumulation, and trade openness.
Regarding the impact of financial deepening on economic growth, Jalilian and Kirkpatrick (2005) emphasized the intermediation role performed by financial institutions in bridging the information asymmetries between borrowers and savers, thereby performing the functions of savings mobilization, capital fund allocation, monitoring of the use of funds, and managing risk, which together support the economic growth process (Levine, 1997; Jalilian and Kirkpatrick, 2005) . Human capital accumulation, as argued in Benhabib and Spiegel (1994) , does not only enhance the ability of a country to develop its own technological innovation, but also increases its ability to adapt existing knowledge which is one of the robust determinants of growth (Islam, 2017) . Keho (2017) reasoned that trade openness can potentially enhance economic growth by providing access to goods and services, achieving efficiency in the allocation of resources and improving total factor productivity through technology diffusion and knowledge dissemination (Rivera-Batiz and Romer, 1991; Barro and Sala-i-Martin, 1997) . Finally, in order to examine whether inequality has growth-promoting or growth-dampening impacts in Nigeria, the study incorporate Gini coefficient of income distribution. Hence, in line with these arguments, an econometric representation of equation (12) is then specified as follows:  is the constant term, t denotes time, ln is the natural logarithm operator. The variables are transformed to their natural logarithm form to remove or lessen considerably any heteroskedasticity in the residuals of the estimated model. One of the limitations of equation (13) is that it does not permit policymakers to differentiate and separate the short-run contribution of the covariates variables, to the overall growth process, from the long-run contribution. Whereas growth policies are targeted toward achieving long-run results, production decisions take into account the short-run impact of the determinants of production (Njindan Iyke and Ho, 2017) . Besides, it also takes time before policies such as the structural reforms actually affect the lives of the poor and growth. As a result, there may possibly be long lags between the time policies are implemented and their impacts on economic variables (Agyemang, 2014). Hence, by neglecting the short-run dynamics of the determinants to the overall growth process, vital key insights are lost. As well, Beck and Katz (1996) reasoned that the inclusion of lag dependent variable as a regressor in the model is also a parsimonious way to account for the continuing effect of explanatory variables in the past (Agyemang, 2014) . Hence, in order to allow for some degree of persistence in the data generating process, equation (13) is then modified as a dynamic Autoregressive Distributed Lag (ARDL) to include the lag dependent and independent variables as follows: G   T  H  F  N  LG  T   H  F  N  L1  1  8   1  7  1  6  1  5  1  4  1  3  2  1  1  0  8  0  7   0  6  0  5  0  4  0  3  0  2  1  1  0   ln   ln  ln  ln  ln  ln  ln  ln  ln  ln   ln  ln  ln  ln  ln  ln 
Notice that the terms with summation signs are used to model the short-run dynamics structure. Equation (14) is
which holds that economic growth is predisposed to be determined by its own lag, the lag values of initial income per worker, growth rate of labour force, growth rate of population, financial deepening, human capital accumulation, trade openness, and Gini coefficient. The s '  denote the long run dynamics whereas s '  depict the short-run dynamics of the model. In addition,  represents the first difference operator, 0  is the drift component and, t u 1 is white noise residual.
Further, Majeed (2016a Majeed ( , 2016b argued that, in an attempt to conduct the estimation of econometric model (14), it is likely that income inequality specified in the model captures the impact of poverty on growth. As such, there is the need to assess the exclusive impact of income inequality on economic growth. Thus, following Majeed (2016a Majeed ( , 2016b , this study controls for poverty incidence in a separate regression. Hence, in equation (15), P ln (a measure for poverty incidence proxied by headcount ratio) is incorporated as an additional term in order to capture the true growth impacts of income inequality. 
It is expected a priori that the growth rate of labour force, financial deepening, human capital accumulation, initial income per worker and trade openness will enhance the growth rate of income per capita. Expectedly, the relationship between these explanatory variables and economic growth is positive, while the poverty incidence is detrimental to growth, thus, the expected a priori is negative. Income inequality and the growth rate of population may or may not benefit economic growth, as such the expected a priori is either positive or negative respectively. Additionally, in order to strengthen the robustness of this analysis, an attempt is also made to examine the classical economists and modern expositions predictions of some of the distinct transmission channels (viz., the investment, fertility, schooling, fiscal policy and socio-political instability channels) through which inequality (might positively or adversely) impacts growth. Regarding the investment channel, the classical economists submitted that income inequality stimulates economic growth by fostering aggregate saving and investment (Gründler and Scheuermeyer, 2015) . In contrast to the classical standpoint, the modern expositions paradigms reasoned that investment will be adversely affected by inequality in the presence of credit market imperfections and fixed costs associated with investment (Islam, 2017) . As regards socio-political instability channels, Alesina and Perotti (1996) argued that "income inequality increases social discontent and fuels social unrest; the latter, by increasing the probability of coups, revolutions, mass violence or, more generally, by increasing policy uncertainty and threatening property rights, has a negative effect on investment, and, as a consequence, lessens growth" (Leoni and Pollan, 2003) .
In relation to fertility and schooling channels, De La Croix and Doepke (2003) vied that fertility and education decisions are interdependent: countries with higher income inequality tend to experience a higher fertility differential and lower average education which in turn lessen the future growth rate (De La Croix and Doepke, 2003; Ehrhart, 2009; Islam, 2017) . With reference to fiscal policy channel, Alesina and Rodrik (1994) and Persson and Tabellini (1994) maintained that higher inequality in income and wealth in a democratic society may result in higher taxation and redistributive economic policies that decrease investment and subsequently economic growth (Islam, 2017) . Progressive taxation and fiscal redistribution create a general disincentive to work and invest, hence the rich will lobby against the implementation of efficient redistribution policies (Benabou, 2002; Acemoglu and Robinson, 2008; Islam, 2017) .
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Hence, in line with these aforementioned arguments, in order to provide an insight on some of the distinct transmission channels through which inequality might impact growth, this study (following Islam, 2017; Lahouij, 2017) , considered investment rate (INV, the ratio of fixed investment to RGDP), total fertility rate (FER), property rights protection (PRP), human capital accumulation (HCA), and relative redistribution (RED, calculated as the ratio of the difference between market Gini and net Gini to the market Gini) and specified the following unrestricted error correction (UECM) ARDL models: 
Techniques of Estimation and Method of Data Analysis
Discursively, in order to estimate the short-run and long-run elasticities coefficients of equations (14-20), a four-stage procedure was followed. In the first stage, the order of integration of the variables were determined using Augmented Dickey-Fuller (ADF) and the Phillips Perron (PP) unit root tests to avoid spuriousness of the empirical findings. In the second stage, following the literature, the structural lags were determined on the basis of Hannan-Quinn information criteria (HQ), the Akaike information criteria (AIC), the Schwarz information criteria (SIC), the Log Likelihood (LL) and the Final Prediction Error (FPE). This is important since, under parameterization would lead to a biased result and similarly, over-parameterization reduces the power of the tests. Following the suggestion of Granger (1988) , in the third stage, a test of possible cointegrating relationship among the series was conducted. In the literature, several techniques are available for conducting cointegration tests. Generally used techniques comprise the residual based Engle- Granger (1987) test, Gregory and Hansen (1996 ), Johansen (1988 ), and Johansen-Juselius (1990 . Of late, the proposed autoregressive distributed lag (ARDL) approach, developed by Pesaran and Shin (1995 Shin ( , 1998 , Pesaran, Smith (1996, 2001) has become popular (Verma, 2007) .
Basically, this study, following Hundie (2014) , adopts the ARDL Bounds Testing Approach. This technique is based on the estimation of an Unrestricted Error Correction Model (UECM) which enjoys several advantages over the conventional type of cointegration techniques. Firstly, it can be applied irrespective of the order of integration (and in small samples) while other cointegration techniques require all variables be of equal degree of integration (and large samples) (Verma, 2007) . Secondly, given the nature of interrelation among the growth rate of capital per worker, the growth rate of effective labour force, the growth rate of population, human capital accumulation, financial deepening, trade openness, and Gini coefficient, which are included in our models, the Bounds Testing Approach is suitable to address possible endogeneity problems. Thirdly, as noted by Pesaran and Shin (1998) , appropriate modification of the orders of the ARDL model is sufficient to simultaneously correct the residual serial correlation and the problem of endogenous regressors (Samantaraya and Patra, 2014) . Finally, the bounds testing is more robust and perform better for small sizes.
Hence, having estimated our UECM-ARDL models (14-20), the presence of cointegrating relationship among the variables was evaluated by testing for the joint significance of the estimated coefficients of the lagged levels of the variables in the equations (14-20) using the Wald test based on the standard F-statistic. The F-statistic values derived from this test were compared with two sets of critical values (lower and upper bound) for a given level of significance reported in Pesaran, Shin and Smith (2001) and Nayaran (2005) for large samples and small sample sizes, respectively. Notice that the upper bound values assume that the variables are I(1) while the lower bound values assume that all variables in our ARDL models are I(0). Thus, if the computed -statistic is less than the lower bound value, the null hypothesis of no cointegrating is not rejected. On the contrary, if the computed -statistics is greater than the upper bound value, it implies existence of long-run relationship among the variables. Finally, if the computed -statistics lies between the lower bound and upper bound, long run association between the variables becomes inconclusive. Under the inconclusive cases, following Kremers, Ericsson and Dolado (1992) and Bannerjee, Dolado and Mestre (1998), the error correction term will be a useful way of establishing cointegration (Verma, 2007) .
Once a long-run cointegrating relationship has been confirmed, hereafter in stage four, the long-run and short-run parameters associated with the ARDL models (14-20) were estimated. In addition, a variety of diagnostics and stability tests which will enhance the credibility of the ARDL models were carried out. In particular, in order to ensure that the models possess the desirable BLUE properties, different post-estimation diagnostic tests were carried out, including the Breusch-Godfrey serial correlation LM test, the ARCH heteroskedasticity test, the Jacque-Bera normality test and the Ramsey RESET specification test. The cumulative sum of recursive residuals (CUSUM) and the cumulative sum of recursive residual squares (CUSUMSQ) were also plotted to determine if the models are stable.
Empirical Results and Discussion
Descriptive Statistics, Unit Root, Optimal Lag Length Selection and Bounds Test Results
As a preliminary examination, before the detailed analysis and estimation of the ARDL models (14-20) were undertaken, the study analyzed the descriptive statistics of the variables under consideration. This is done in order to ascertain the statistical properties of the variables. The results obtained are presented in table 3 (in Appendix II). As it is depicted in the table, the mean and the median of all the variables in the data set displayed a high consistency as their mean and median values are within the minimum and maximum values of the series. Besides, all the data series have the values of their mean and median almost the same. This shows that the distribution is nearly symmetrical.
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This is in line with the position of Karmel and Polasek (1980) that when a distribution is perfectly symmetrical, the mean, median and the mode must converge. Moreover, the low standard deviation of nearly all the data series indicates that the deviations of actual data from their mean values are very small. Further, the skewness statistic (a measure of asymmetry of the distribution of the series around the mean), kurtosis statistic (a measure of thickness of the tail of the distribution) and Jarque-Bera (JB) statistic which is used to test the null hypothesis where each variable is considered to have a normal distribution showed that all the variables are normally distributed. The normality is further buttressed by the nearness of the mean and median values for these series.
Following the examination of the descriptive statistics of the variables employed, in order to avert spurious results and also ensure that none of the variables are integrated of order two I(2), the study established the stationarity status of the employed variables. To this end, the study applied two types of formal tests, viz.: the Augmented Dickey-Fuller (ADF) and the Phillips-Perron (PP) tests to determine the order of integration of the series under consideration. The choice of these two tests statistics is informed by the fact that both tests control for higher-order autocorrelation. Both tests statistics were done for two alternative specifications at 10 percent, 5 percent and 1 percent level of significance. At the outset, it was tested with intercept but no trend, and then it was tested with both intercept and trend. The estimated results of the ADF and PP tests statistics are depicted in tables 4 and 5 (in Appendix II) respectively. As can be observed from the tables both tests consistently revealed that other than the growth rate of income per capita, growth rate of labour force and investment rate which are stationary at level, all other variables (income per worker, growth rate of population, financial deepening, human capital accumulation, trade openness, Gini Index, poverty incidence, fertility rate, mortality rate, relative redistribution and property rights protection) become stationary when converted to first differences, suggesting that each is integrated of order one, denoted as I (1), at 5 percent level of significance.
Having investigated the descriptive statistics and order of integration of the series, the study proceeded to determine the appropriate lag length incorporated for each variable in the ARDL models (14-20) on the basis of Hannan-Quinn information criteria (HQ), the Akaike information criteria (AIC), the Schwarz information criteria (SIC), the Log Likelihood (LL) and the Final Prediction Error (FPE). The results obtained are presented in table 6 (in Appendix II).
To choose the appropriate lag length, Liew (2004) reasoned that the Akaike Information Criterion (AIC) and Final Prediction Error (FPE) are superior than the other criteria under study in the case of small sample (60 observations and below), in the manners that they minimize the chance of under estimation while maximizing the chance of recovering the true lag length. Hence, given that there were 49 observations, the optimal lag lengths 2 (for models 14-18) and 1 (for models 19-20) were carefully chosen.
Hereafter, with these maximum lag lengths setting, during the analysis 4,374 different ARDL models specifications for equation 14; 13,122 different ARDL models specifications for equation 15; 486 different ARDL models specifications for equation 16; 1,458 different ARDL models specifications for equation 17; 486 different ARDL models specifications for equation 18; 32 different ARDL models specifications for equation 19; and 32 different ARDL models specifications for equation 20 were considered and the most suitable model ARDL (2,0,2,1,0,0,0,0) for equation 14, ARDL (1,1,0,1,0,2,2,1,1) for equation 15, ARDL (2,0,2,2,2,1) for equation 16, ARDL (2,0,0,0,0,0,0) for equation 17, ARDL (1,0,0,0,0,2) for equation 18, ARDL (1,0,0,0,0,1) for equation 19, and ARDL (1,0, 1,0,0,0) for equation 20 were selected for this study. Figures 2-8 (in Appendix I) which provide graphs of the AIC of the top twenty models (for models 14-20 respectively) depict the relative superiority of the selected models against alternatives. After this, having estimated the selected ARDL models (14-20), tests of possible cointegrating relationship among the series were conducted. The results obtained are shown in table 7 (in Appendix II). All the tests were conducted at 5 percent level of significance. As evident from the table, in each case, the computed (F-statistics) is greater than upper bond values at 5 percent level of significance. Thus, the null hypotheses of no cointegrating relationship among the variables of interest were rejected.
Sequel to the establishment of the existence of cointegration relationship among the series, the long-and short-run elasticities coefficients associated with the ARDL models (14-20) were estimated. However, while the results of the estimated long-run parameters of the selected models are presented in table 8 (in Appendix II), the study did not find any consistent estimated short-run dynamics associated with the long-run parameters obtained from the models. As such, they are not presented here in order to conserve space. It is worth noting that, for the purpose of comprehension, columns (I) and (II) of 
Long-Run Estimates of the Impacts of Income Inequality on Economic Growth
Regarding the impacts of income inequality on economic growth, as can be seen from column (I) of table 8, the parameter estimate of Gini index has expected sign and is statistically significant. Precisely, in the long run, holding other things constant, a one percentage point increase in inequality in the distribution income will bring about 2.7023664 decrease in economic growth. In specification 2 (model 15), as previously stated, in an attempt to conduct the estimation of econometric model (14), it is likely that income inequality specified in the model captures the impact of poverty on growth. Thus, the study controlled for poverty incidence in a separate regression. Hence, in model (15), a measure for poverty incidence proxied by headcount ratio is incorporated as an additional term in order to capture the true growth impacts of income inequality. From the estimated model 15 (specification 2), an insight from the estimated long-run parameters obtained suggests that as the level of poverty incidence persists unabated, undoubtedly, the impact of inequality in the distribution income on long-run growth worsens in Nigeria. As can be observed from column (II) of table 8, the elasticities coefficients of both poverty incidence proxied by headcount ratio and Gini index are negative and highly statistically significant. Intrinsically, ceteris paribus, a one percentage point increase in both poverty incidence and Gini coefficient respectively will bring about 5.047328 and 6.93779 decrease in the long-run economic growth. Similar findings were also observed in Shin (2012) More so, as depicted in both columns (I) and (II) of table 8, the elasticity coefficient of the growth rate of population is positive but statistically insignificant, signifying that a carefully planned population growth strategy combined with institutional and policy changes will be advantageous to long-run growth in Nigeria. In the same way, vis-à -vis the impact of financial deepening on growth, an insight from the results obtained suggest that while the financial system has grown enormously in size and structure in Nigeria, however, this has not been translated to the provision of credits and loans, in particular, to the real sector of the economy. As can be seen from columns (I) and (II) of table 8, the elasticities coefficient of financial deepening is positive but statistically insignificant. Similar findings were also observed in Igwe, Edeh, and Ukpere (2013) .
In addition, on the impact of trade openness (proxy as trade share in GDP) on growth, as can be seen from the results depicted in columns (I) and (II) of table 8, the elasticity coefficients have a significant and negative impact on long-run growth in Nigeria. As shown in the table, premised on the estimated parameters, keeping all else constant, for a one-percentage point increase in trade openness, as evident in models 14 and 15 respectively, 7.023664 and 8.070993 decline are induced in the long-run economic growth. This evidence of negative impact of trade openness on growth indubitably depicts the Nigerian economy where the volume of import is skewed towards semi processed goods deviously packed as raw materials and export is dominated by crude oil, the price and quantity of which is determined on the global market and has little or no connection to economic reality. Similar results were obtained in Olufemi (2004). As well, in line with the theoretical explanations of convergence hypothesis, the coefficient of income per worker is positive and statistically significant as anticipated. As can be observed, the parameter estimates of income per worker has expected sign and is statistically significant. This result lends credence to the empirical findings of Chletsos and Fatouros (2016).
Long-Run Estimates of the Transmission Channels of Income Inequality to Economic Growth
With respect to the channels through which inequality impacts growth, in order to provide an intuitive insight to the classical economists and modern expositions predictions of some of the distinct transmission channels, the long-run parameters associated with the models (16-20) were estimated. The results obtained are shown in evident in models 16, 18 and 20, for a one percentage point increase in income inequality, 0.015552, 0.652238 and 0.181760 declines are induced in investment rate, human capital accumulation, and property rights protection respectively. In essence, premised on the estimated parameters, an upsurge in income inequality increases fertility rate and relative redistribution, but lessens investment rate, human capital accumulation, and property rights protection, which may in turn impede long-run growth in Nigeria. Hence, these findings not only corroborate the theoretical predictions of modern perspective exposition, which underscored the potential adverse impacts of income inequality on economic growth, but also invalidate the classical and neoclassical economists' predictions.
Stability and Diagnostic Tests
Following the long-and short-run estimations of the elasticities coefficients associated with the ARDL models (14-20), in order to check the robustness of the estimated regression results, the study carried out different post-estimation diagnostic tests. The results of the respective diagnostic test, in each case, are depicted in table 9 (in Appendix II). As can be observed, the residuals of the models are serially uncorrelated, normally distributed and homoscedastic. Indeed, the estimated results are devoid of econometric problems of auto-correlation, mis-specification and heteroskedasticity. In addition, since the ARDL models (14-20) were estimated by simple least squares, all of the views and procedures available to equation objects estimated by least squares are also available for the ARDL models. As such, the R 2 , Adjusted R 2 , F-statistic and Durbin-Watson statistic in each case for the selected ARDL models are depicted in the lower segment of the table 8. All the tests revealed that the models have the desirable BLUE properties. As can be seen from the lower segment of the table 8, the F-statistic which measures the overall significance of the estimated models were statistically significant, suggesting that models are fit and suitable for the empirical estimations. Also, as can be observed the explanatory power (the 2 R ) of the models are high.
Moreover, the Adjusted 2 R which measures the share of variation jointly explained by the explanatory variables after the effects of insignificant regressors have been removed are also high. As well, the Durbin-Watson statistic which is used to test for autocorrelation of residuals in the models, particularly, the first order autocorrelation displayed the absence of serial autocorrelation. Finally, as suggested by Brown, Durbin and Evans (1975) , the cumulative sum of recursive residuals (CUSUM) and the cumulative sum of recursive residual squares (CUSUMSQ) were also plotted to determine if the models were stable. A graphical presentation of this test for the selected ARDL models is depicted in figures 9-22 (in Appendix I). As can be seen from the graphs, the results evidently indicate the absence of instability of the estimated coefficients because the plot of the CUSUM and CUSUMSQ statistic(s) is within the confines of the 5 percent critical bounds.
Conclusion
The debate on whether income inequality promotes, restricts, or is independent of economic growth has been widely studied and discussed in development economics discourse. However, a careful reading of this extensive extant and burgeoning literature suggests that, other than the ambivalent nature and the fact that the bulk of these studies relied heavily on cross-section/-country/panel econometric analysis, empirical studies examining the nexus in the context of less developed economies, particularly, African countries, has received less attention, as most of the extant studies predominantly focused on developed economies. This current study, thus, attempts to examine the impact of inequality on growth in Nigeria spanning between the period 1970 and 2018. It also examined the theoretical predictions of the classical economists and modern expositions predictions of some of the distinct transmission channels through which inequality impacts growth. Time series econometrics were applied. The results obtained consistently revealed that inequality hurts long-run growth in Nigeria. Also, the results obtained revealed that inequality in income increases relative redistribution and fertility, but lessens investment, gross enrollment ratio, and property rights protection in Nigeria, which may in turn impede growth. Hence, these findings not only corroborate the theoretical predictions of modern perspective exposition, which underscored the potential adverse impacts of income inequality on economic growth, but also invalidate the classical and neoclassical economists' predictions. ARDL(2, 0, 2, 1, 0, 0, 0, 0) ARDL(1, 1, 0, 1, 1, 1, 0, 0) ARDL(1, 1, 0, 1, 1, 1, 1, 1) ARDL(1, 1, 0, 1, 1, 1, 1, 0) ARDL(1, 0, 2, 1, 0, 0, 0, 0) ARDL(2, 0, 2, 1, 0, 1, 0, 0) ARDL(2, 1, 0, 1, 1, 1, 0, 0) ARDL(2, 0, 2, 1, 1, 0, 0, 0) ARDL(2, 0, 2, 1, 0, 1, 0, 1) ARDL(2, 0, 2, 1, 0, 0, 0, 1) ARDL(1, 1, 0, 1, 1, 2, 1, 1) ARDL(1, 0, 0, 1, 0, 1, 0, 0) ARDL(2, 0, 2, 2, 0, 0, 0, 0) ARDL(1, 1, 0, 1, 1, 1, 0, 1) ARDL(1, 0, 2, 1, 0, 1, 0, 0) ARDL(2, 1, 2, 1, 1, 0, 0, 0) ARDL(1, 1, 0, 1, 1, 1, 1, 2) ARDL(2, 1, 2, 1, 0, 0, 0, 0) ARDL(1, 0, 2, 1, 0, 1, 0, 1) ARDL(2, 0, 2, 1, 0, 0, 1, 0)
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